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Abstract: In this paper an efficient algorithm is proposed for removal of salt & pepper noise from digital
images. Salt and pepper noise in images is present due to bit errors in transmission or introduced during the
signal acquisition stage. It represents itself as randomly occurring white and black pixels. This noise can be
removed using standard Median Filter (SMF), Progressive Switched Median Filter (PSMF) under low density
noise conditions. Decision Based Algorithm (DBA) and Modified Decision Based Unsymmetric Trimmed
Median Filter (MDBUTMF) do not give better results at high noise density. So, in this project, this drawback
will be overcome by using Adaptive Median based Modified Mean Filter (AMMF). This proposed algorithm
shows better Peak Signal-to-Noise Ratio and clear image than the existing algorithm.

Keywords- Median filter, Progressive Switched Median Filter, Decision Based Algorithm, Modified Decision
Based Unsymmetric Trimmed Median Filter

I.  Introduction

Image noise is a random variation of brightness or color information in images. It can be produced by
the sensor and circuitry of a digital camera, during image acquisition and transmission and faulty switching.
This noise leads to blurring of image and loss of image details such as clarity. It can corrupt the images where
the corrupted pixel takes either maximum or minimum gray level. There are two types of impulse noise, they are
salt and pepper noise and random valued noise. Salt and pepper noise can corrupt the images where the
corrupted pixel takes either maximum or minimum gray level. Several nonlinear filters have been proposed for
restoration of images contaminated by salt and pepper noise. Among these SMF is a non-linear process useful in
reducing salt and pepper noise. It is also useful in preserving edges in an image while removing noise. It
replaces the value of a pixel by the median of the gray levels in the neighborhood of that pixel [1]. However, a
major drawback of SMF is that the filter is effective only at low noise densities; its performance is poor when
the number of noise pixels in the window is greater than half the number of pixels in the window and some
median algorithms are not good for real time processing [2].

In PSMF, the decision is based on a predefined threshold value [3]. The algorithm is developed based
on the following two main points: Switching scheme and Progressive methods. The major drawback of this
method is that defining a robust decision is difficult and when a noise level is high, the edges may not be
recovered satisfactorily. To overcome the above drawback, DBA is proposed [4]. In this, the noisy pixel can be
removed either by the median value or by the mean of the previously processed neighboring pixel values. At
high noise density the median value will be 0 or 255 which is noisy. In such case, neighboring pixel is used for
replacement. This repeated replacement of neighboring pixel produces streaking effect. To avoid the major
drawback of DBA, MDBUTMF is proposed. In this algorithm the noisy image is denoised by using “3 X 3~
window elements and then pixels are arranged in increasing or decreasing order. Then the pixel values ‘0’s and
‘255’s in the image (i.e., the pixel values responsible for the salt and pepper noise) are removed from the image.
Then the median value of the remaining pixels is taken. This median value is used to replace the noisy pixel [5].
This algorithm does not give better results at high noise density ranging from 70% to 95%. So to overcome the
drawback of MDBUTMF algorithm, a new & efficient algorithm is proposed which is suitable for elimination of
high density impulse noise ranging from 60% to 95%.

The proposed AMMF algorithm consists of two stages: in first stage the noisy image is processed by
adaptive median filter and in the second stage the output of first stage is further processed by modified mean
filter. The proposed MDBUTMF algorithm removes this drawback at high noise density and it gives better Peak
Signal-to-Noise Ratio (PSNR) values than the existing algorithm. This paper is organized in the following
manner. Section 2 briefly describes about proposed algorithm, its performance is described in section 3 and
section 4 gives the conclusion of paper.

Il.  Proposed AMMEF algorithm
The proposed AMMF algorithm consists of two stages, in first stage the noisy image is processed by
adaptive median filter. In second stage the output of first stage is further processed by modified mean filter if the
image is corrupted by high density salt & paper noise. The first stage classifies pixels as noise by comparing
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each pixel to its neighborhood pixels. The size of the neighborhood is adjustable. A pixel is considered noisy
when it is different from majority of its neighborhood pixels. These noisy pixels are replaced by the median
value of neighborhood pixels. Further the second stage also works in two steps: in the first step the noisy pixels
are detected and in the second step each noisy pixel are replaced by the mean of noise free pixel of 2x2 window.

2.1. Noise Detection in Modified Mean filter

In this section the main purpose is to identify the “noisy pixel” and “noise free pixels”. It is described
as follows: We assume that the two intensities that present the impulse noise are the maximum and the
minimum values of the images dynamic range (i.e. 0 and L-1). Thus, in this stage, at each pixel location (X, y)
,we mark the mask a by using the equation (1)

1 forg(x,y)=L—-1
a(x,y) =11 for g(x,y) e (1)
0 otherwise

Where the value ‘1’ indicates noisy pixel and the value ‘0’ indicates the noise free pixel
2.2. Implementation of AMMF Algorithm
The proposed algorithm involves the following steps to remove the impulse noise:
Stage-1:
Step(1). Initialize the window size (maximum value of window size is 13X13) of the filter.
Step(2). Check if centre pixel is noisy in selected window, if YES then go to step 3. Otherwise move centre of
window to next pixel and redo step 2.
Step(3). Find the value of Zin, Zmax and Zpeq in the selected window.
Step(4). Determine if Zyeq i N0ISY BY Znin < Zmean< Zmax- 1T it holds, Zeq is noise free pixel and jump to step 6.
Otherwise, Zyeq iS Noisy and go to step 5.
Step(5). Increase window size and go back to Step 3.
Step(6). Replace the centre pixel with Zeq.
Step(7). Reset window size and move the centre of window to next pixel.
Step(8). Repeat the steps until all pixels are processed.
At high noise density of salt and paper noise, some of pixels are still noisy in stage-1 which are further removed
by passing through the entire image by stage 11 algorithm.
Stage-11:
Step(i). Initialize the window size of the filter by 2x2 window.
Step(ii). Find out the noise free pixels present in 2x2 window.
Step(iii). Find out the mean value of the noise free pixels in selected window.
Step(iv). Replace the noisy pixel by the calculated mean value in step (iii).
Step(v). Repeat steps from (i)- (iv) to process the entire image for removal of Salt & Pepper Noise.

I11.  Performance of AMMF algorithm
In order to demonstrate the performance of AMMF algorithm, it is tested on different gray scale
natural images (i.e. 8-bit/pixel) with the noise density (N.D.) ranging from 10% to 95%. The AMMF algorithm
gives better result as compared to SMF, centre weighted median filter (CWMF) [6], PSMF, open-close sequence
filter (OCSF), DBA, MDBUTMF. Each time the test image is corrupted by salt & pepper noise of different
noise densities ranging from 10% to 95%. The performance of AMMF algorithm is expressed in terms of PSNR
and mean squared error (MSE).The PSNR estimates the quality of a reconstructed image with respect to an

original image. Reconstructed images with higher PSNR are better. PSNR is defined in dB in equation (2).
2
PSNR = 10xlogyo [ | .o @)
Where MSE is mean squared error between original image (x) and denoised image (X) which is given by
equation (3)
1

N1XN2

MSE =

DROWEN ()L {(5)) LI 3)
3.1 Experiment 1

Table 1 and Table 2 demonstrate the comparison of PSNR and MSE values of different filters respectively
for gray scale House image with N.D ranging from 10% to 95%. The performance of AMMF algorithm is
compared with various existing techniques such as SMF, PSMF, DBA, and MDBUTMF. It can be noticed from
Tablel and Table 2 that AMMEF algorithm, gives better result in comparison to other existing techniques in
terms of PSNR & MSE for low level noise density as well as high level noise density. Fig. 1 illustrates the
graphical comparison of PSNR performance metric for different denoising algorithms for House. Fig. 2
illustrates the graphical comparison of MSE performance metric for different denoising algorithms for House.
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3.2 Experiment 2

In order to demonstrate visual enhancement of AMMEF algorithm, another experiment is conducted on
House image with N.D ranging from 80% to 95%. The visual enhancement of AMMF algorithm is compared
with various existing techniques such as SMF, PSMF, DBA, and MDBUTMF. The visual enhancement of
House & Lena images are shown in Fig. 5(B), 5(C), 5(D), 5(E), 5(F), 6(B), 6(C), 6(D), 6(E), 6(F), 6(G), 6(H),
Fig. 7(B),7(C), 7(D), 7(E), 7(F), with noise density (N.D.) i.e. 0.80, 0.90 and 0.95 respectively. It is clear from
Fig. 5 to Fig.7 that the image recovered from the AMMF algorithm is better than other noise removal algorithms
in terms of visibility.
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Iv.  Conclusion
This paper proposed a new algorithm (AMMF) for removal of salt & pepper noise from digital images.
The AMMF algorithm has been tested on different gray scale natural images with noise density ranging from
10% to 95%. The performance of AMMEF algorithm has been evaluated and compared in terms of PSNR and
MSE values. The performance of AMMF algorithm has been compared with various existing techniques such as
SMF, PSMF, DBA, MDBUTMF. Both visual and quantitative results are demonstrated. The AMMF algorithm
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demonstrated well in low level noise density as well as high level noise density. Even at 95% noise density
levels the proposed algorithm provided better results in comparison with other existing algorithms.

TABLE 1:Comparative PSNR (dB) of different filters for gray scale images TABLE 2:Comparative MSE (dB) of different filters for gray scale images
Q;E;E%) Algorithms Qi;‘;;z%) Algorithms
SMF PSM DBA MDBUTMF AMMF SMF PSM DBA MDBUTMF | AMMF
10 36.16 39.13 35.85 38.12 45.84 10 15.75 7.94 16.16 10.02 1.69
20 30.26 3322 33.20 35.10 11.67 20 6L15 | 3057 | 3LI4 2009 4.43
30 2410 7805 30.08 3377 3010 30 253.01 82.81 51.85 30.97 7.99%
a0 19.19 7538 7942 3161 36.88 40 784.17 188.59 7440 4488 13.34
50 1538 1533 2703 7005 33.75 50 1883.95 | 1906.15 | 10479 65.62 2179
il VR R VR A STRE] =350 60 375768 | 378001 | 13200 | 98.10 3162
70 10.04 10.04 2498 26.25 30.78 70 6443.06 | 6449.16 | 206.73 15419 5428
0 N EREl PERE] PRI 513 80 595040 | 1005184 | 24664 | 24382 5984
90 6.66 6.61 20.15 2125 2588 50 14403.85 | 14186.02 | 627.59 487.61 167.85
95 601 6.03 1767 1868 2469 95 16305.95 | 16203.03 | 1111.57 822.39 220.73
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